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Abstract 
Background: Exploring different microbial sources for biotechnological production of organic acids is important. 
Dutch and Thai cow rumen samples were used as inocula to produce organic acid from starch waste in anaerobic 
reactors. Organic acid production profiles were determined and microbial communities were compared using 16S 
ribosomal ribonucleic acid gene amplicon pyrosequencing.
Results: In both reactors, lactate was the main initial product and was associated with growth of Streptococcus 
spp. (86% average relative abundance). Subsequently, lactate served as a substrate for secondary fermentations. In 
the reactor inoculated with rumen fluid from the Dutch cow, the relative abundance of Bacillus and Streptococcus 
increased from the start, and lactate, acetate, formate and ethanol were produced. From day 1.33 to 2, lactate and 
acetate were degraded, resulting in butyrate production. Butyrate production coincided with a decrease in relative 
abundance of Streptococcus spp. and increased relative abundances of bacteria of other groups, including Parabac-
teroides, Sporanaerobacter, Helicobacteraceae, Peptostreptococcaceae and Porphyromonadaceae. In the reactor with 
the Thai cow inoculum, Streptococcus spp. also increased from the start. When lactate was consumed, acetate, propi-
onate and butyrate were produced (day 3–4). After day 3, bacteria belonging to five dominant groups, Bacteroides, Pse
udoramibacter_Eubacterium, Dysgonomonas, Enterobacteriaceae and Porphyromonadaceae, were detected and these 
showed significant positive correlations with acetate, propionate and butyrate levels.
Conclusions: The complexity of rumen microorganisms with high adaptation capacity makes rumen fluid a suitable 
source to convert organic waste into valuable products without the addition of hydrolytic enzymes. Starch waste is a 
source for organic acid production, especially lactate.
Keywords: Lactate fermentation, Microbial communities, Renewable energy, Rumen fluid, Organic acids, Starch 
waste
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Background
Consuming fossil fuels has become a significant concern 
not only because resources are depleting but also because 
of the resulting pollution and carbon dioxide formation 
that contribute to global warming. However, there is 
also a worldwide increasing energy demand. Renewable 
instead of fossil sources for the production of energy and 
biochemical building blocks are thus of interest. Turning 
waste into energy carriers and valuable products is cur-
rently one of the promising sustainable options, espe-
cially since waste disposal requires energy (incineration) 
or space (landfills). Organic waste includes food and fibre 
processing by-products, fruit, vegetable waste, garbage, 
sewage sludge, cattle manure and/or industrial waste 
[1]. All these materials have no or low value and do not 
impact the food-value chain [2]. The possibility to con-
serve energy from waste and/or biomass is a strong moti-
vation to further develop biobased processes and is in line 
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with recently developed strategies that aim to use anaer-
obic mixed cultures for the conversion of organic feeds 
into carboxylates, including volatile fatty acids (VFAs) 
and/or organic acids (OAs) [3, 4]. Such a carboxylate 
platform may gain higher value of production efficiency 
than, for example, biogas (methane) formation [3], since 
VFAs and/or OAs can be used as biobased building-block 
chemicals [4, 5]. Demand for lactate, for instance, con-
tinuously increases due to its various applications as an 
acidulant, flavour enhancer or food preservative agent in 
addition to the production of base chemicals and for pol-
ymerisation to biodegradable polylactic acid (PLA) [6, 7]. 
PLA is a biodegradable plastic derived from lactate, and 
PLA is already available at the industrial scale. Microbial 
lactate fermentation has advantages over the chemical 
lactate synthesis in terms of obtaining purity where the 
chemical synthesis always results in a racemic mixture of 
lactate [2, 8]. It is important to select raw materials with 
suitable criteria such as high lactate production yield, 
rapid fermentation, low cost, low by-product forma-
tion and all-year-round availability for industrial lactate 
production [2]. As the world’s second-most abundant 
biopolymer, starch serves as food, feed and other indus-
trial applications [9], leading to a large amount of starch 
waste and starch residues. Starch residues from various 
sources, such as barley, cassava, corn and/or potato, can 
be used for VFA and/or OA production [8, 10] and can 
meet industrial needs. Starch is the main component 
of the potato tuber with 80% of the dry solids and 20% 
of the total mass which can be used as a carbon source 
for microorganisms. Many studies have been conducted 
using potato starch and/or potato starch waste as a sub-
strate in anaerobic digestion [10–13]. Mostly, those stud-
ies use starch waste to produce biogas, OAs or animal 
feed components. However, little attention has been paid 
to the microbial community involved in the OA produc-
tion from starch waste.
The efficiency of the anaerobic digestion process (in 
terms of production and digestion yields) relies on many 
factors such as chemical parameters (pH, nutrient con-
tent), physical parameters (temperature, mixing) and bio-
logical factors (biomass) [14]. The choice of inoculum is 
an important factor. Single or mixed cultures have been 
used in organic acid production; however, using pure cul-
ture mostly requires pre-treatment processing, including 
sterile operation, which increases the production costs.
Rumen fluid has been used as an inoculum in bio-
technological processes to improve municipal solid 
waste treatment in anaerobic digestion [15] and to 
increase hydrolysis of cellulosic organic material [16, 
17]. Using a rumen-derived inoculum, which harbours 
high microbial hydrolytic activities, could reduce the 
pre-treatment costs in anaerobic digestion since there 
is little or no requirement to add hydrolytic enzymes 
[18]. The rumen contains a large number of microorgan-
isms with enormous diversity, of which includes at least 
50 bacterial genera  (1010–1011  cells  ml−1), 25 genera of 
ciliate protozoa  (104–106  cells  ml−1), 6 genera of fungi 
 (103–105  zoospores  ml−1), 11 genera of methanogenic 
archaea  (109  cells  ml−1) and bacteriophages  (108–109 
phages ml−1) [19, 20]. Rumen microorganisms are natu-
rally involved in the degradation of carbohydrates and 
lignocellulosic biomass to a variety of VFAs and OAs 
[21]. In this view, using rumen fluid as an inoculum is an 
attractive option for OA production.
The microbial community composition in the cow 
rumen depends on the feed composition [18]. In tropi-
cal countries, such as Thailand, the feed mainly consists 
of crop residues, which can be lignocellulosic agricultural 
by-products of rice, corn, cassava, cereal straws, sugar-
cane, groundnut and/or pineapple processing industries 
[22]. On the other hand, cows in temperate countries, 
such as the Netherlands, are regularly fed with wheat and 
corn silage. Therefore, it is interesting to investigate and 
compare the OA production profiles and the microbial 
communities from both rumen inoculum sources.
We studied organic acid production from starch waste 
using rumen fluid as the inoculum and investigated the 
microbial composition shift during the process. Two dif-
ferent sources of rumen fluid obtained from fistulated 
cows in the Netherlands and Thailand were used.
Methods
Reactor setup
Fermentations were performed in batch mode using 1-l 
dished-bottom reactors (Applikon, Delft, The Nether-
lands) with a working volume of 0.9  l and controlled by 
an ADI 1010 Bio-controller and an ADI 1025 Bio-con-
sole (Applikon, Delft, the Netherlands). Temperature 
of both cow rumen-inoculated reactors was controlled 
at 39 °C to mimic conditions in the cow rumen. The pH 
was maintained at 7.0 ± 0.4 by automatic titration with a 
sterile solution of 3 M  Na2CO3. The stirrer speed was set 
at 120 rpm to keep the starch waste homogeneous. The 
reactors were continuously sparged with 80:20  N2/CO2 
at a flow rate of 2.6 l h−1 to ensure anaerobic conditions. 
Typically, the reactors were operated for 8 days and daily 
samples were taken during the fermentation.
Inoculum
Bovine rumen fluid (500 ml) was collected from two fis-
tulated Holstein cows from two different locations: The 
Netherlands and Thailand. The cows were aged between 
4 and 5  years at the sampling period. The Dutch cows 
were fed with a high-grain diet with mainly corn (maize) 
and grass at Wageningen University’s research farm in 
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the Netherlands (Additional file  1: Table S1). The Thai 
cows were fed with mainly pineapple peel at the Char-
oen Pokphand Test Farm, Chon Buri in Thailand (Addi-
tional file  1: Table S1). After sampling, the rumen fluid 
was quickly filtered through two layers of cotton cloth 
in ambient air. The filtered rumen fluid was then trans-
ferred into a sterilised  CO2-flushed anaerobic bottle 
and was kept at 4–10 °C until use. The Thai rumen fluid 
was shipped to the Netherlands in a cooled container at 
approximately 4  °C. Samples of both rumen fluids were 
used to inoculate the reactors (1% v v−1).
Medium composition
A bicarbonate-buffered anaerobic mineral medium (BM) 
was prepared as described by Plugge [23] supplemented 
with  (l−1): 0.1 g yeast extract, 0.005 g hemin, 0.05 g vita-
min K1 and 0.5 g l-cysteine-hydrochloride. Starch-con-
taining waste was obtained from an Avebé potato factory 
(Foxhol, The Netherlands) and was used as substrate. 
The starch waste was air dried at 80 °C for 32 h, crushed 
to small pieces and sieved with 1-mm pore-size sieve. 
The dried starch waste contained 61% (w  w−1) starch 
according to the analysis of Nutricontrol (Veghel, The 
Netherlands) (Additional file  2: Table S2). Dried starch 
waste (7%, w  v−1) was added to the reactors as carbon 
and energy sources. After autoclaving, the sterile reac-
tors with medium were continuously flushed with sterile 
80:20  N2/CO2.
Sampling
As starch waste has a high viscosity, the fermentation 
broth was pumped through a loop with a butyl-rubber 
stopper to facilitate anaerobic sampling. Ten-millilitre 
liquid samples were aseptically collected and transferred 
directly into sterile-anaerobic serum bottles. Each sam-
ple was divided into three portions. One portion of 6 ml 
was transferred to a 10-ml sterile-anaerobic serum bottle 
and stored at −  20  °C for molecular analysis. A second 
portion of 2 ml was transferred to an Eppendorf tube for 
organic acid measurement. A third portion of 2 ml was 
transferred to a sterile-anaerobic serum bottle for CFU 
(colony-forming units) counts.
Deoxyribonucleic acid (DNA) extraction
Genomic DNA was extracted from the pelleted biomass 
using a Fast DNA Spin kit for soil (MP Biomedicals Santa 
Ana, CA) according to the manufacturer’s instructions. 
DNA quantity of all samples was determined by a Nan-
odrop 1000 (Nanodrop Technologies, Wilmington, DE) 
and integrity was examined by gel electrophoresis on the 
1% (w v−1) agarose gel.
Denaturing gradient gel electrophoresis (DGGE) analysis
DGGE analysis was used to visualise the population 
dynamics in both reactors over time. Bacterial 16S rRNA 
V6–V8 regions were amplified with the universal bacte-
rial primers GC-968F and 1401R [24] using the Phire Hot 
start II Polymerase (Thermo Fisher Scientific, Waltham, 
MA). Bacterial amplicons were generated with a G-Storm 
cycler (G-storm, Essex, UK) using a pre-denaturing step 
at 95 °C for 5 min, followed by 35 cycles at 95 °C for 20 s, 
56 °C for 40 s, 72 °C for 40 s and a post-elongation step 
of 10 min at 72 °C. The forward primer had a GC clamp 
of 40 bp attached to the 5′-end as used by Yu et al. [25]. 
DGGE analysis was performed as described by Martín 
et al. [26] in a DCode TM system (Bio-Rad Laboratories, 
Hercules, CA) at 60  °C for 16  h with a denaturing gra-
dient of 30:60 percent gradients according to [25]. After 
electrophoresis, gels were silver-stained as described by 
Sanguinetti et al. [27] and scanned.
Pyrosequencing analysis
Based on the bacterial DGGE profiles from both reactors, 
samples were selected to determine the relative abun-
dance of the bacteria using 454-pyrosequencing analysis.
The genomic DNA obtained from the previous step was 
diluted to obtain DNA concentrations between 10 and 
20 ng µl−1 as templates. The V1–V2 regions of bacterial 
16S rRNA genes were amplified using forward primer 
27F-DegS [28] and an equimolar mix of two reverse 
primers: 338R-I and 338R-II [29]. The forward primer 
was extended with titanium adapter A and an eight-base 
specific barcode [30] at the 5′-end and the reverse prim-
ers were appended with titanium adapter B at the 5′-ends. 
The polymerase chain reaction (PCR) amplification and 
the purification of the amplicons were performed as pre-
viously described by Timmers et al. [31]. The DNA con-
centration of all PCR products was measured using Qubit 
2.0 Fluorometer (Thermo Fisher Scientific, Waltham, 
MA) and was then mixed together in equimolar amounts. 
Pooled samples were loaded on an agarose gel and bands 
were excised, purified and quantified using the protocol 
of Timmers et al. [31]. The purified pooled samples were 
sent to GATC Biotech Company (Konstanz, Germany) for 
pyrosequencing on the 454 Life Science GS-FLX platform.
Pyrosequencing data were analysed using a workflow 
based on Quantitative Insights into Microbial Ecology 
(QIIME) 1.7.0 pipeline [32]. The reads were filtered and 
the Operational Taxonomic Units (OTUs) were identi-
fied with a cut-off value of 97% identity by USEARCH 
algorithm version 6.1 [33]. Representative sequences 
from OTUs were aligned using PyNAST [34] against 
with SILVA reference database version 118e [35] for taxo-
nomic classification. Chimeric OTUs were identified and 
removed using QIIME’s ChimeraSlayer method [36].
Page 4 of 15Palakawong Na Ayudthaya et al. Biotechnol Biofuels  (2018) 11:13 
Bacterial CFU counts during fermentation process 
and isolation of fermentative bacteria
Total viable bacterial counts in both reactors were deter-
mined by colony-forming unit (CFU) plate counts over 
the entire incubation period. The samples were homoge-
nised by vortexing. Next, tenfold dilutions in liquid Rein-
forced Clostridial Medium (RCM) in dilution  10−1–10−10 
and 20  µl of each dilution was spread (in triplicate) on 
RCM agar plates (1.2% agar). The plates were incubated 
in a jar containing AnaeroGen™ sachets (Oxoid-Thermo 
Scientific; Hampshire, UK) to create and maintain anaer-
obic conditions and incubated at 39  °C for 3–5  days. 
After incubation, the colonies were counted and  log10 
CFUs ml−1 were calculated. Colonies with different mor-
phology were selected and further purified using the 
streak plate technique on RCM agar plates until pure cul-
tures were obtained. The pure cultures were then grown 
in the RCM liquid medium. Cell morphology of the cul-
tures was observed using a light microscope (Leica DM 
2000; Buffalo Grove, IL) to confirm the purity.
Identification of the isolated bacteria
Genomic DNA of each pure strain was isolated using the 
Fast Spin kit for soil (MP Biomedicals; Santa Ana, CA) 
following the manufacturer’s instructions. The 16S rRNA 
gene of each isolate was amplified by PCR using bacte-
rial-universal primers 27f and 1492r [37]. PCR mixture 
contained: 2 µl of DNA template, 0.25 µl Gotaq DNA Pol-
ymerase Kit (Promega; Medison, WI), 1 µl dNTPs, 1 µl of 
each primer, 10  µl PCR buffer and 34.75  µl PCR water. 
The PCR programme was started with a denaturing step 
at 95 °C for 5 min, and continued with 35 cycles consist-
ing of 95 °C for 30 s, 52 °C for 40 s and 72 °C for 90 s, and 
the last step of extension at 72 °C for 7 min. PCR prod-
ucts were purified and sequenced at GATC (Konstanz, 
Germany). The 16S rRNA gene sequences of the isolates 
were checked for reading errors, trimmed and aligned 
using the programme DNA Baser Sequence Assembler 
v4 (Heracle BioSoft S.R.L, Arges, Romania), and then the 
partial sequences of 16S rRNA genes were blasted against 
the NCBI online database.
Statistical analysis
Principal Coordinate Analysis (PCoA) using weighted 
unifraction and Unweighted Pair Group Method with 
Arithmetic mean (UPGMA) were performed using the 
QIIME 1.7.0 pipeline to show the relationship of bacterial 
communities at different time points in the starch waste 
fermentation from both reactors. Multivariate analyses 
were performed with the CANOCO V 5.0 software [38] 
using the pyrosequencing results and OA production 
profiles from both Dutch and Thai reactors. OA pro-
duction profiles were used as ‘environmental’ variables 
and the bacterial diversity (at genus-like level) as ‘spe-
cies’ variables. First, principal component analysis (PCA) 
was used to visualise the overall correlation between all 
variables at different time points in both Dutch and Thai 
reactors, separately. Then, selected OAs based on pri-
mary OAs in each reactor were analysed to reveal the 
relationship between variables using redundancy analy-
sis (RDA). The significance test for RDA was performed 
by Monte Carlo permutation (499 times). The significant 
correlations between bacterial groups and operational 
conditions in each reactor were calculated with Ranked 
Spearman correlation by IBM SPSS Statistics version 23.
Analytical methods
During fermentations, off-gas composition was auto-
matically monitored every hour using a Compact GC 
(Interscience, Breda, The Netherlands), equipped with 
a Carboxen 1010 PLOT column and a Micro thermal 
conductivity detector, using helium with pressure flow 
80.0 kPa as a carrier gas to quantify  H2 and  CH4 produc-
tion. The production of OAs was quantified at 24-h inter-
vals for over 16 days by HPLC (Thermo Scientific, Breda, 
The Netherlands), as described in [39].
Nucleotide sequence accession numbers
The 16S rRNA gene sequences obtained from the isolates 
were deposited in the NCBI database and are available 
under Accession Numbers MF581503–MF581530. The 
16S rRNA NGS sequences were deposited at the EMBL 
database and are available under Accession Numbers 
ERS1983120–ERS1983133.
Results and discussion
Starch waste fermentation in Dutch and Thai reactors
The reactors were fed with starch waste and the fermen-
tation process was followed for 16 days, with a focus on 
the first 8 days. In both reactors, lactate formation imme-
diately started after inoculation with rumen fluid, and 
gradually changed to mixed acid fermentation after a few 
days (Fig. 1).
Lactic acid production is common and has been 
shown in many starch or starchy fermentation studies. 
For instance, lactate was the major product in potato 
peel waste fermentation [40], and lactate and acetate the 
main products in maize silage fermentation [41]. Lactic 
acid-producing bacteria are the first and the most rapidly 
growing microbes in the starch fermentation.
In the Dutch reactor, three stages could be identi-
fied in the fermentation (Fig. 1a; Additional file 3: Table 
S3). During the first stage (day 0–1.33), lactate, acetate 
and ethanol rapidly accumulated to 148, 93 and 73 mM, 
respectively. In the second stage (day 1.33–2), lactate 
and a part of acetate were consumed and converted 
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to butyrate (112  mM). In the third stage (after day 2), 
butyrate and ethanol remained constant, whilst acetate 
increased further until 103 mM (at day 8). Formate also 
increased from 22 (day 1) to 64  mM (day 3) and then 
decreased again to about 10  mM (day 8). Propionate 
increased from day 1 to 8 from 6 to 14 mM.
Also in the Thai reactor, three stages in the fermenta-
tion pattern could be identified (Fig. 1b; Additional file 4: 
Table S4). During the first stage (day 0–0.5), lactate rap-
idly increased from 17 to 245  mM. In the second stage 
(day 0.5–3), lactate remained stable at 250  ±  13  mM, 
whereas acetate, butyrate, propionate and ethanol 
Fig. 1 Production profiles in starch waste fermentation using the Dutch (a) and Thai (b) rumen fluids as inoculum in anaerobic reactors.  H2 is 
shown on the secondary axis. The arrows indicate three stages in the fermentation
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increased further to 48, 14, 18 and 36 mM, respectively. 
Formate increased from 7 (day 0.5) to 32  mM (day 1) 
and was completely consumed at day 3. In the early third 
stage (day 3–4), lactate (231  mM) was completely and 
ethanol (10 mM) was partially consumed. Increasing the 
levels of acetate, propionate and buyrate detected on day 
4–147, 102 and 63 mM, respectively. From day 4 to day 
16, the product pattern remained constant (Additional 
file 4: Table S4).
The maximum yields of lactate were 0.3 (Dutch) and 0.6 
(Thai) g g−1 starch and the highest lactate concentrations 
were 13 and 25  g  l−1 (calculated using 90  g  M−1 as the 
MW of lactate) obtained from 42 g l−1 of starch present 
in the starch waste. This gave 31 and 60% lactate yield at 
day 1.33 and 2 in the Dutch and Thai reactors, respec-
tively. In the calculations, it was considered that starch 
waste contains 61% starch (Additional file  2: Table S2). 
The lactate production that was observed from the Thai 
reactor was somewhat higher than that reported in a pre-
vious study which delivered 50% lactate yield (or the yield 
of lactate was 0.4 g g−1 starch present in cassava fibrous 
residue), where about 30 g of lactate was produced from 
60 g of starch present in 100 g of cassava fibrous residue 
using a pure culture of Lactobacillus plantarum MTCC 
1407 (2% v  v−1 of the inoculum) [42, 43]. In another 
study in which an undefined mixed culture (2% v v−1 of 
inoculum) was used in potato peel waste fermentation 
with addition of hydrolytic enzymes, lactate produc-
tion of 14.7  g  l−1 and a yield of 0.7  g  g−1 starch (calcu-
lated with 34.3% starch in the initial substrate loading) 
were observed [40], which is higher than our yield. Our 
study was conducted based on using the ruminal mixed 
culture (1% v v−1 of inoculum) without adding any hydro-
lytic enzymes or performing a pre-treatment step. Nota-
bly, the production yield using different wastes cannot be 
accurately compared, and additionally, the fermentation 
process has been influenced by other factors: fermenta-
tion conditions, type and amount of inoculum, and the 
composition of the waste materials, for instance. How-
ever, this robust lactate production from starch waste 
challenges us to further optimise lactate production in 
the future. Natural producers of lactate are very efficient, 
but pure cultures and synthetic communities have draw-
backs such as high nutrient requirement. Efforts to fur-
ther improve LA yield and engineer lactate production by 
redirecting the carbon flow for LA production have been 
reported. Pyruvate is the end product of glycolysis and 
can be further metabolised either by a pyruvate dehydro-
genase complex (Pdh, EC 1.2.4.1) to acetyl-coenzyme A 
or by pyruvate decarboxylase (Pdc, EC4.1.1.1) to acetal-
dehyde and subsequently to ethanol. In previous works, 
it has been shown that the expression of a heterologous 
lactate dehydrogenase (Ldh, EC 1.1.1.27) gene introduces 
a new and alternative pathway for  NAD+ regeneration, 
allowing a direct reduction of the intracellular pyru-
vate to lactate [44]. CRISPR–Cas-based tools have been 
presented as the potential next-generation toolkit for 
prokaryotic metabolic engineering, for genome editing 
and expression control, and have enabled fast, easy and 
accurate strain development for established production 
platform organisms, such as Escherichia coli and Saccha-
romyces cerevisiae [45]. Future dedicated research could 
focus on development of the CRISPR–Cas-based tools 
for improved LA production.
In both Dutch and Thai reactors, methane was not 
detected in the beginning of the fermentation process, 
but only appeared in trace amounts after 7  days in the 
headspace (0.23 and 0.018 mM d−1, respectively), whilst 
increasing after 2  weeks (4.4 and 11.1  mM per day, 
respectively at day 16: data not shown). For hydrogen, 
95.6 and 9.2 mM per day out flow of the Dutch and Thai 
reactors, respectively, were detected at the start (Day 0.5) 
of the fermentation process (Fig.  1). Notably, there was 
an unknown peak in our HPLC chromatogram (retention 
time 8.15), which was detected from both reactors and 
we could not identify the compound.
Bacterial CFUs and isolation of bacteria
In both starch waste fermenting reactors, total bacte-
rial counts increased up to 10.3 (± 0.1)  log10 CFU ml−1 
(standard deviation: SD) in 24 h (Additional file 5: Table 
S5). From day 1 until 8, the average total bacterial counts 
were 7.6 (±  1.1) and 8.6 (±  1.1)  [log10 CFU  ml−1 (SD)] 
and between day 8 and 16, the total bacterial counts 
decreased to 4.8 (± 0) and 6.4 (± 0)  log10 CFU ml−1 for 
the Dutch and Thai reactors, respectively.
Ten different bacterial strains (28 in total) were isolated 
from both reactors based on different colony morpholo-
gies on RCM agar medium during the fermentation pro-
cess (Additional file  6: Table S6). Mainly, Streptococcus 
spp. were isolated from the first fermentation stage, and 
other fermentative bacteria (Enterococcus faecium, Ente-
rococcus gallinarum, Escherichia fergusonii, Lactobacillus 
plantarum, Enterococcus durans, Clostridium sporogenes 
and Eubacterium limosum) were isolated from the sec-
ond and third fermentation stages. Lactobacillus spp. 
were isolated only from the Thai reactor. The majority of 
these isolates are lactic acid bacteria (LAB). All of them 
were Gram-positive bacteria except Escherichia fergu-
sonii, which was isolated at the third fermentation stage 
from the Dutch reactor. Lactate was the principal prod-
uct of the first fermentation stage, and is also known for 
its antibacterial properties. Lactate penetrates the cyto-
plasmic membrane, hence lowering the intracellular pH 
as well as disintegrating the outer-membrane in Gram-
negative bacteria [46]. Gram-positive bacteria have a 
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thicker cell wall than Gram-negative bacteria, which ena-
bles them to sustain harsh conditions, such as high con-
centrations of lactate in the medium, which explains why 
mostly Gram-positive bacteria were isolated from this 
fermentation.
Bacteria (DGGE) profiles
Bacterial DGGE profiles from the Dutch reactor could 
be grouped into three patterns (Fig.  2a). These patterns 
matched the three stages of the fermentation profiles 
(Fig. 1a). In the first stage (day 0–1.33), bands were visible 
with increasing intensity. The band pattern then shifted 
during stage 2 (day 1.33–2). Finally, in the third stage, the 
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Fig. 2 16 rRNA based DGGE profiles of bacteria involved in starch waste fermentation in reactors with (a) Dutch and (b) Thai cow rumen fluids. ‘M’ 
refers to marker. Asterisks indicate samples that were used for NGS analysis. The arrows indicate three stages in the fermentation
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number of bands increased further, which indicated an 
increased bacterial diversity. Then, the microbial diver-
sity remained stable until the end of the run (day 16).
Also in the Thai reactor, the bacterial DGGE profile 
could be grouped into three patterns that matched the 
three stages of the fermentation (Fig.  2b). In the first 
stage (day 0–0.5), one very dense band was visible amidst 
a variety of bands. In the second stage (day 0.5–3), band-
ing patterns were less diverse and one band appeared 
with high intensity (Fig.  2b). Finally, in the third stage, 
the number of bands increased, and then remained stable 
until the end of the run (day 16).
Notably, the intense bands from both reactors lined in 
the same position, which might possibly represent Strep-
tococcus spp., since only this member shared the same 
OTU and was highly abundant during the fermentation 
process (Additional file 7: Figure S1).
Bacterial community analysis
16S rRNA gene amplicon pyrosequencing of the V1–
V2 regions of the 16S rRNA gene of selected samples 
(based on the different pattern on DGGE profiles) from 
both reactors was used to analyse the bacterial commu-
nities during starch waste fermentation. After quality 
control, 228,106 sequence reads could be translated into 
253 OTUs (Additional file 8: Table S7). OTUs were then 
identified with a cut-off value of 97% identity and were 
assigned to 30 phyla, 53 classes, 101 orders, 155 families 
and 253 genera. Taxa with relative abundance < 1% and 
unclassified groups were termed as ‘others’.
Comparing the bacterial composition between two inocula
At phylum level, Bacteroidetes was the most abundant 
(66% relative abundance) in the Dutch rumen inoculum, 
followed with Firmicutes and Cyanobacteria (22 and 6% 
relative abundances, respectively), whereas Firmicutes 
was the most abundant (41% relative abundance) fol-
lowed with Bacteroidetes and Proteobacteria (34 and 
10% relative abundances, respectively) in the Thai rumen 
inoculum (Additional file 9: Figure S2).
At genus level, the microbial diversity in the Thai 
rumen inoculum was higher (3 orders, 7 families and 12 
genera) compared to the Dutch rumen inoculum (1 phy-
lum, 2 orders, 6 families and 7 genera) (Fig. 3). In Dutch 
rumen inoculum, Prevotella was the most abundant (58% 
relative abundance) followed by Ruminococcaceae and 
Clostridiales (8 and 7% relative abundance, respectively) 
(Fig. 3). In the Thai rumen inoculum, Prevotella was also 
the most abundant (20% relative abundance) followed by 
members of Bacteroidales, Clostridiales and Lactoba-
cillus (12, 10 and 10% relative abundance, respectively) 
(Fig.  3b). Notably, the relative abundance of Prevotella, 
which is commonly known as the dominant amylolytic 
species in rumen of the high-grain diet-fed cows [47], 
was rather different between Dutch and Thai inocula (58 
and 20% relative abundances, respectively). This can be 
explained by the difference in feed composition as the 
Dutch cows were fed 6.5 kg dry matter intake per day of 
maize silage, and no maize diet was fed to the Thai cows 
(Additional file  1: Table S1). On the other hand, Lacto-
bacillus and Acetobacter (10 and 6% relative abundances, 
respectively) were only detected in the Thai rumen inoc-
ulum, of which the cows were fed with 3.3 kg dry matter 
intake per day of pineapple peel (Fig. 3; Additional file 7: 
Figure S1). Indeed, Lactobacillus was only isolated from 
the Thai reactor. Various LAB, especially Lactobacillus 
were isolated from pineapple [48] and one of the com-
mon diseases in pineapple is ‘marbling disease’ which is 
caused by acetic acid bacteria such as Acetobacter spp. 
[49]. These results show that the microbial community 
composition in the rumen is strongly dependent on the 
feed composition [18] and may affect the fermentation 
profiles in a reactor.
Comparing the bacterial composition between the two 
reactors during the fermentation process
The bacterial community composition at the phylum level 
from both reactors is shown in Additional file  9: Figure 
S2. Bacteroidetes and Firmicutes were most represented 
in both communities. The work of Gou revealed that in a 
starch-fed reactor, two bacterial phyla, Spirochaetes and 
Firmicutes (Streptococcus), were mainly responsible for 
starch degradation [50]. Interestingly, in the Thai rumen 
community, Proteobacteria remained in the community 
throughout the reactor run. In the Dutch reactor, OTUs 
affiliated with Proteobacteria were detected in stage 3 
(day 10), albeit at low levels.
The Dutch reactor
In the Dutch reactor, Prevotella spp. (58% relative abun-
dance) were dominant, but gradually decreased to less 
than 3% relative abundance at day 4 (Fig.  3a). At day 
0.25, genus: Streptococcus (18%), Paenibacillus (34%) 
and Bacillus (13%) increased in relative abundances, but 
after day 0.25 to 2, Streptococcus spp. became dominant 
(~  80% relative abundance). From day 1.33 until day 2 
(second stage), Streptococcus spp. decreased to 67%, 
whereas the relative abundance of Clostridium and Pep-
tostreptococcaceae (18 and 10%, respectively) increased. 
In the third stage (day 4), the relative abundance of 
Clostridiales member remained stable with Clostridi-
aceae (13%) and Clostridium (8%). On day 4, Porphy-
romonadaceae appeared and remained until day 10 
with 34% relative abundance. From this family at genus 
level, Parabacteroides was also detected and its relative 
abundance increased 3% at day 4 to 35% at day 10. The 
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remaining fraction of Porphyromonadaceae (35% relative 
abundance) could not be identified to a deeper phyloge-
netic level.
The Thai reactor
As observed in the Dutch reactor, Prevotella (18% rela-
tive abundance) members were also abundant in the 
Thai reactor at day 0 and decreased to less than 1% rela-
tive abundance at day 2 (Fig. 3b). At day 2, Streptococcus 
spp. (~  90% relative abundance) were highly abundant 
and remained dominant until day 4 (38% relative abun-
dance). At day 2, the second-most abundant group was 
members of Enterobacteriaceae (8%), in which Entero-
coccus had 3% relative abundance. From day 3 to 4, the 
relative abundance of Pseudoramibacter_Eubacterium 
spp. increased (19%), whereas Streptococcus spp. gradu-
ally decreased (35%) until day 16 (2%). After day 4, Bac-
teroides (27%), Pseudoramibacter_Eubacterium (15%) 
Fig. 3 Relative abundance of bacterial communities (genus-like level) in the starch waste fermentation using Dutch (a) and Thai (b) cow rumen. 
Taxa with relative abundance < 1% in all samples were grouped into the category ‘others’. P phylum, O order, F family, G genus. The arrows indicate 
three stages in the fermentation
Page 10 of 15Palakawong Na Ayudthaya et al. Biotechnol Biofuels  (2018) 11:13 
and Porphyromonadaceae (17.4%) became dominant. In 
the family Porphyromonadaceae, only one genus, Dys-
gonomonas, was identified and its relative abundance 
(9%) was highest at day 7. Porphyromonadaceae mem-
bers gradually increased and became the most abundant 
group (31%) in the reactor at day 16.
The relationship between starch waste fermentation 
and bacterial communities
OA production profiles mainly depend on the type of 
substrates and source of the microbial inoculum [11, 51]. 
Using activated sludge from three different municipal 
wastewaters and potato peel wastes as substrates, lactate 
production was observed and bacteria of the genus Lac-
tobacillus prevailed (> 96%) in all three incubations, even 
though they were not abundant (0.1%) in the seed sludges 
[51].
In our study, Streptococcus was detected only in small 
amounts in Dutch and Thai rumen inocula (0.03 and 0.3% 
relative abundances, respectively), but became highly 
abundant (84 and 89% relative abundances, respectively) 
during starch waste fermentation. Streptococcus was 
important for fast and efficient lactate (up to 250  mM) 
production during the first stage (0–1.33  days) in both 
reactors. Lactate was then the substrate for secondary 
fermentation to produce acetate, butyrate and propion-
ate. OA production profile and bacterial composition 
of both reactors were different in the second part of the 
fermentation.
Principal component analysis (PCA) using a weighted 
Unifrac plot and grouping tree analysis revealed that all 
time points separated the Dutch and Thai bacterial com-
munities (Additional file 10: Figure S3a). During the first 
stage of the fermentation process (day 0–2), the Dutch 
reactor communities clustered closely together. In stage 
3 (day 4 and 10), they clearly developed into differ-
ent communities. Communities from the Thai reactor 
directly separated from the inoculum and day 0, indicat-
ing growth of a dedicated bacterial community after the 
starting point of the fermentation process (Additional 
file 10: Figure S3b).
The abundance of the top 33 bacterial OTUs from the 
two reactors was also plotted in a heat map (Additional 
file 7: Figure S1). Overall, the OTUs from both reactors 
were different and only the genera Prevotella and Strep-
tococcus were shared. Prevotella members were abundant 
at the start of the fermentation and decreased in time. 
Members from three families: Porphyromonadaceae, 
Peptostreptococcaceae and Enterobacteriaceae were 
shared and became abundant in the last stage of both 
reactors.
The CANOCO (multivariate analysis) software pro-
gramme was used to reveal the relation between the 16 
most dominant bacteria (genus-like level) and the fer-
mentation patterns in both reactors. First, PCA analysis 
(unweighted) was used to visualise the overall relation-
ship of those in the Dutch and Thai reactors (Additional 
file 11: Figure S4). Then, the relationship between those 
top 16 bacteria and main products during the fermenta-
tion was analysed using RDA analysis and a correlation 
matrix (Spearman’s Rank Order Correlations statistics) 
(Figs. 4, 5; Additional file 12: Table S8).
In the Dutch reactor, the relationship between the 
bacterial composition and lactate, acetate and butyrate 
could be explained by first two canonical differentiation 
axes with 69% of all total datasets (p = 0.04) (Fig. 4). The 
results showed that in the first stage (day 0–1.33), the 
relative abundance of Bacillus and Streptococcus posi-
tively correlated with increasing lactate concentration 
(r = 0.860, p < 0.05 and r = 0.778, p < 0.05, respectively). 
In the second stage (day 1.33–2) (Additional file 12: Table 
S8a), lactate was consumed whilst butyrate was mainly 
produced. Mainly Streptococcus were present in this 
stage. The correlation results showed that Parabacte-
roides (r = 0.883, p < 0.01), Sporanaerobacter (r = 0.867, 
p < 0.05), Helicobacteraceae (r = 0.802, p < 0.05), Peptos-
treptococcaceae (r = 0.852, p < 0.05) and Porphyromona-
daceae (r  =  0.867, p  <  0.05) positively correlated with 
butyrate production, whereas these members showed a 
negative correlation with lactate concentration (Figs.  1, 
2, 4; Additional file  12: Table S8a). Moreover, members 
of Clostridiaceae, known as butyrate-producing bac-
teria, showed a significantly negative correlation with 
the lactate concentration (r = −  0.889, p  <  0.01) and a 
positive correlation with the butyrate concentration 
(r  =  0.607). In the late stage of the fermentation (day 
4–10), acetate concentration increased and positively 
correlated with Parabacteroides (r = 0.775, p < 0.05) and 
this genus showed a positive correlation with butyrate as 
well (Fig. 4; Additional file 12: Table S8a). Members of the 
family Lachnospiraceae, known for their ability to con-
vert lactate to butyrate or propionate [52], had a negative 
correlation (r = − 0.667) to lactate, but a positive correla-
tion with butyrate (r = 0.393) and acetate (r = 0.286) in 
the Dutch reactor.
In the Thai reactor, the relationship between the bac-
terial composition and lactate, acetate, propionate and 
butyrate was explained by two canonical differentiation 
axes with 91.8% of all total data set (p =  0.01) (Fig.  5). 
The results revealed that in the first two stages: stage 1; 
0–0.25, and stage 2; 0.25–3 (day 0–3), the relative abun-
dance of genus Streptococcus increased in the same 
direction of increasing lactate. However, there was no 
significant correlation between bacterial community shift 
and lactate production (Additional file 12: Table S8b). In 
the late stage of the fermentation (day 4–16), a variety of 
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bacteria were involved in acetate, butyrate and propion-
ate formation (Fig. 5). Members of the genera Bacteroides 
(r = 0.964, p < 0.01), Dysgonomonas (r = 0.929, p < 0.01) 
and Pseudoramibacter_Eubacterium (r = 0.821, p < 0.05), 
and families Enterobacteriaceae (r  =  0.857, p  <  0.05) 
and Porphyromonadaceae (r = 0.821, p < 0.05) had sig-
nificantly positive correlations with acetate, butyrate and 
propionate production (Additional file  12: Table S8b). 
Members of Bacteroides in general are known to produce 
acetate, succinate and propionate [53]. It was reported 
that the family Porphyromonadaceae, which includes the 
genus Dysgonomonas, possesses three butyrate synthesis 
pathways [54] and our findings support the relationship 
between this taxon and butyrate formation. Eubacterium 
spp. are known as butyrate-producing bacteria [52] and 
probably responsible for the conversion of lactate and 
acetate to butyrate. Remarkably, the Lachnospiraceae 
family had a negative correlation with lactate and a posi-
tive correlation with acetate and butyrate (r = 0.286 and 
r = 0.393, respectively) in the Dutch reactor but a positive 
correlation (r = 0.473) with lactate and a negative corre-
lation with acetate, butyrate and propionate (r = − 0.929, 
p < 0.01) in the Thai reactor. In the Dutch reactor, Lach-
nospiraceae members may have been responsible for the 
conversion of lactate to acetate and/or butyrate. This is 
well known for bacteria from the Clostridium cluster 
XIVa group in the Lachnospiraceae family, which are 
acetate plus lactate-converting butyrate producers [55]. 
Besides, there are other Lachnospiraceae members such 
as Eubacterium rectale and Roseburia inulinivorans 
which are also known to produce butyrate, formate and 
lactate [56]. The other, Eubacterium hallii, consumed lac-
tate and acetate and produced butyrate [56]. In the Thai 
reactor, Pseudoramibacter_Eubacterium had 18% relative 
abundance at day 4 and may also have been involved in 
butyrate formation from lactate plus acetate.
Lactate is produced by a broad range of microorgan-
isms such as bacteria and/or fungi. Currently, available 
Fig. 4 Redundance analysis triplot showing the relationship between the top 16 genus-like level phylogenetic groupings of the OTUs and the envi-
ronmental variables explaining the variance with time in the Dutch reactor. Sampling days are shown as filled circles (●). Environmental variables 
or selected fermentation products are represented by red arrows. Bacterial community at genus-like groups with the level, i.e. phylum (P), order (O), 
family (F) or genus (G) are represented as blue arrows. The arrows indicate the direction in which the relative abundance increases. Length of arrows 
is a measure of fit. The environmental variable arrows (in red) approximated the correlation between species and an environmental variable. The 
further a product falls in the direction indicated by an arrow, the higher the correlation. Both axes together explained 69% of the total variance in 
the dataset
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lactate-producing strains still have advantages and dis-
advantages, for instance, the fungus Rhizopus oryzae is 
used to commercially produce l(+) lactate because it 
can directly produce it from starch. However, its yield is 
lower compared to lactate produced by LAB and it has 
been reported that its mycelium caused turbidity and dis-
turbed the reactor [2]. LAB produce lactate from glucose 
that mostly originate from corn syrup. As such, this feed 
stock competes with food and feed. Due to the increas-
ing demand of lactate, further development of a lactate 
production platform is needed. As only a few LABs can 
meet the strict industrial requirements, such as capabil-
ity to ferment low-cost materials rapidly, less require-
ment of nitrogenous nutrients, and high yields with small 
amounts of other by-products, there is a need for novel 
strains [2, 42].
Amylolytic lactic acid bacteria (ALAB) such as Ente-
rococcus faecium, E. durans, Lactobacillus spp. and 
Streptococcus spp., which are capable of utilising starchy 
materials, are of biotechnological interest because of 
their potential to directly convert starchy biomass to 
lactate [57, 58]. This group (ALAB) produces lactate 
more effectively than LAB because they combine pre-
treatment by enzymatic hydrolysis of carbohydrate and 
glucose fermentation to lactate in one step. In our study, 
various species of ALAB were detected and isolated from 
both reactors including Enterococcus faecium, E. durans 
and Lactobacillus plantarum (Additional file 6: Table S6). 
The Streptococcus members were the most successful due 
to their rapid and high lactate production from starch 
waste fermentation, increasing in relative abundances 
(from < 1% up to 86%) in both reactors. The majority of 
the isolates (D0, D0.25, D0.5, T0-3, T0.25, T0.5, T1 and 
T3-3) were Streptococcus members (Additional file  6: 
Table S6) and their 16S rRNA gene sequences showed 
100% identity to the most abundant OTUs (pyrosequenc-
ing results), which play an important role in lactate pro-
duction in both reactors. The BLASTN analysis of the 
Fig. 5 Redundance analysis triplot showing the relationship between the top 16 genus-like level phylogenetic groupings of the OTUs and the 
environmental variables explaining the variance with time in the Thai reactor. Sampling days are shown as filled circles (●). Environmental variables 
or selected fermentation products are represented by red arrows. Bacterial community at genus-like groups with the level, i.e. phylum (P), order (O), 
family (F) or genus (G) are represented as blue arrows. The arrows indicate the direction in which the relative abundance increases. Length of arrows 
is a measure of fit. The environmental variable arrows (in red) approximated the correlation between species and an environmental variable. The 
further a product falls in the direction indicated by an arrow, the higher the correlation. Both axes together explained 91.8% of the total variance in 
the dataset
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16S rRNA gene sequences of those isolates (ca. 1400 bp) 
showed ca. 99% identity to Streptococcus lutetiensis, a 
strain able to degrade starch [59, 60]. In 2013, Jiang et al. 
studied the fermentation of amylopectin and resistant 
starch (RS2) using colonic inocula of pigs and found that 
there was 4% relative abundance of S. lutetiensis detected 
from total lactic acid-producing bacteria in the early 
stage of the fermentation [61]. This result together with 
our findings suggests that S. lutetiensis plays an impor-
tant role in starch waste fermentation in our reactors. In 
general, using a single LAB strain for lactate production 
from glucose has some disadvantages because it lacks 
several biosynthetic pathways and therefore requires 
addition of costly nitrogen sources (yeast extract and/
or peptone) and sterile conditions [44]. In this aspect, 
starchy waste as substrate becomes an advantage from an 
economical point of view because it contains crude pro-
teins and various sources needed for the ruminal micro-
organisms and/or ALAB.
Importantly, using a rumen-derived inoculum, high 
concentrations of lactate and other OAs can be reached 
from starch waste without the addition of hydrolytic 
enzymes. To produce other OA (acetate, butyrate and/or 
propionate), prolonged fermentation is required. There-
fore, undefined mixed cultures originating from rumen 
are attractive for the production of organic acids, but 
specifically lactate, from starch waste.
Conclusions
Our study confirms that the substrate (waste) compo-
sition and source of inoculum play important roles in 
OA production, and the microbial community develop-
ment in anaerobic digestion is reflected by changes in 
product profile. Starch waste or starchy materials are an 
alternative source for lactate production and Streptococ-
cus spp. are key microorganisms in this context. Using 
rumen fluid or isolated ALAB such as Streptococcus spp. 
in starch waste reactors to produce lactate is a promis-
ing approach. Different inoculum sources affected the 
secondary fermentation product profile. Rumen fluid is 
a suitable inoculum source because it contains various 
microorganisms with high capacity to convert organic 
waste to valuable products without the requirement of 
addition of hydrolytic enzymes. Due to the complexity 
of the rumen microbiota, it has also potential to produce 
products from other complex organic waste sources, such 
as kitchen waste and agricultural or industrial wastes 
containing cellulose and/or lignocellulosic materials.
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abundance of the bacterial communities at different time points in the 
starch waste fermentation using the Dutch rumen fluid (red dots) and Thai 
rumen fluid (blue dots) (b).
Additional file 11: Figure S4. Principal component analysis (PCA) with 
unconstrained ordination triplot between the top 16 genus-like level phy-
logenetic groupings of the OTUs and the environmental variables explain-
ing the variance with time in the Dutch (a) and Thai (b) reactors. Time 
points are indicated the sampling point (days) during the starch waste 
fermentation and shown as filled circles (●). Environmental variables or 
selected fermentation products are represented by red arrows. Bacterial 
community at genus-like groups with the level, i.e. phylum (P), order (O), 
family (F) or genus (G) are represented as blue arrows. The direction of the 
species, in which the species abundance increases. Length of arrows is a 
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ther a product falls in the direction indicated by arrow, the higher the cor-
relation. Both axes together explained 73 and 92.3% of the total variances 
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Additional file 12: Table S8. Correlation matrix (Spearman’s Rank Order 
Correlations statistics) between Bacterial OTUs at genus-like level and the 
operational data from the Dutch reactor (a) and Thai reactor (b). Green 
colours indicate positive correlations, whereas red colours indicate nega-
tive correlations. Correlation is significant at the p = 0.05 level (2-tailed) 
for the groups in the solid parentheses, whereas the dashed parentheses 
indicate the significant correlations at p = 0.01 (2-tailed) and both font 
types are italic.
Page 14 of 15Palakawong Na Ayudthaya et al. Biotechnol Biofuels  (2018) 11:13 
Abbreviations
ALAB: amylolytic lactic acid bacteria; BM: bicarbonate-buffered anaerobic 
mineral medium; CFU: colony-forming units; DGGE: denaturing gradient gel 
electrophoresis; DNA: deoxyribonucleic acid; LAB: lactic acid bacteria; OA: 
organic acids; OTU: operational taxonomic units; PCA: principal component 
analysis; PCoA: principal coordinates analysis; PCR: polymerase chain reaction; 
PLA: polylactic acid; RDA: redundancy analysis; rRNA: ribosomal ribonucleic 
acid; VFA: volatile fatty acid.
Authors’ contributions
SPNA and CP contributed to conception and planning of the study. SPNA, 
AW and AG performed the experiments and CP supervised them. SPNA, 
AG and CP analysed the data. SPNA wrote the manuscript and all authors 
reviewed and revised the manuscript. All authors read and approved the final 
manuscript.
Author details
1 Laboratory of Microbiology, Wageningen University & Research, Stippeneng 
4, 6708 WE Wageningen, The Netherlands. 2 Thailand Institute of Scien-
tific and Technological Research, 35 Mu 3, Khlong Ha, Amphoe Khlong 
Luang 12120, Pathum Thani, Thailand. 3 CEB-Centre of Biological Engineering, 
University of Minho, Campus de Gualtar, 4710-057 Braga, Portugal. 4 RPU 
Immunology, Department of Bacteriology and Immunology, University of Hel-
sinki, Haartmaninkatu 3, 00014 Helsinki, Finland. 
Acknowledgements
Susakul Palakawong Na Ayudthaya was financially supported by a Royal Thai 
Government Scholarship, Thailand. We thank Stang Pumisutapon at The Char-
oen Pokphand Group, Thailand and Rik Verkerk at the Department of Animal 
Sciences, Wageningen University for providing rumen fluids, Detmer Sipkema 
for his help with pyrosequencing analysis and Gerben Hermes for his support 
using the CANOCO program and Bart Nijsse for technical support. Research of 
Alfons J. M. Stams is supported by ERC Grant Project 323009. Alfons J. M. Stams 
and Willem M. de Vos are supported by Gravitation Grant Project 024.002.002 
from the Netherlands Ministry of Education, Culture and Science.
Competing interests
The authors declare that they have no competing interests.
Ethics approval and consent to participate
Not applicable.
Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.
Received: 30 October 2017   Accepted: 8 January 2018
References
 1. Murto M, Björnsson L, Mattiasson B. Impact of food industrial waste on 
anaerobic co-digestion of sewage sludge and pig manure. J Environ 
Manage. 2004;70:101–7.
 2. Ghaffar T, Irshad M, Anwar Z, Aqil T, Zulifqar Z, Tariq A, et al. Recent trends 
in lactic acid biotechnology: a brief review on production to purification. 
J Radiat Res Appl Sci. 2014;7:222–9.
 3. Tamis J, Joosse BM, van Loosdrecht MCM, Kleerebezem R. High-rate 
volatile fatty acid (VFA) production by a granular sludge process at low 
pH. Biotechnol Bioeng. 2015;112:2248–55.
 4. Agler MT, Wrenn BA, Zinder SH, Angenent LT. Waste to bioproduct con-
version with undefined mixed cultures: the carboxylate platform. Trends 
Biotechnol. 2011;29:70–8.
 5. Sauer M, Porro D, Mattanovich D, Branduardi P. Microbial production of 
organic acids: expanding the markets. Trends Biotechnol. 2008;26:100–8.
 6. Okano K, Tanaka T, Ogino C, Fukuda H, Kondo A. Biotechnological 
production of enantiomeric pure lactic acid from renewable resources: 
recent achievements, perspectives, and limits. Appl Microbiol Biotechnol. 
2010;85:413–23.
 7. Hofvendahl K, Hahn-Hägerdal B. Factors affecting the fermentative lactic 
acid production from renewable resources. Enzyme Microb Technol. 
2000;26:87–107.
 8. Ryu H-W, Yun J-S, Wee Y-J. Lactic acid. In: Pandey A, editor. Concise ency-
clopedia of bioresource technology. New York: The Haworth Press; 2004. 
p. 635–44.
 9. Sonnewald U, Kossmann J. Starches—from current models to genetic 
engineering. Plant Biotechnol J. 2013;11:223–32.
 10. Smerilli M, Neureiter M, Wurz S, Haas C, Frühauf S, Fuchs W. Direct fermen-
tation of potato starch and potato residues to lactic acid by Geobacillus 
stearothermophilus under non-sterile conditions. J Chem Technol Biotech-
nol. 2015;90:648–57.
 11. Parawira W, Murto M, Read JS, Mattiasson B. Volatile fatty acid production 
during anaerobic mesophilic digestion of solid potato waste. J Chem 
Technol Biotechnol. 2004;79:673–7.
 12. Sreethawong T, Chatsiriwatana S, Rangsunvigit P, Chavadej S. Hydrogen 
production from cassava wastewater using an anaerobic sequenc-
ing batch reactor: effects of operational parameters, COD: N ratio, and 
organic acid composition. Int J Hydrog Energy. 2010;35:4092–102.
 13. Zhu H, Stadnyk A, Béland M, Seto P. Co-production of hydrogen and 
methane from potato waste using a two-stage anaerobic digestion 
process. Bioresour Technol. 2008;99:5078–84.
 14. Comparetti A, Febo P, Greco C, Orlando S. Current state and future of 
biogas and digestate production. Bulg J Agric Sci. 2013;19:1–14.
 15. Lopes WS, Leite VD, Prasad S. Influence of inoculum on performance of 
anaerobic reactors for treating municipal solid waste. Bioresour Technol. 
2004;94:261–6.
 16. Barnes SP, Keller J. Anaerobic rumen SBR for degradation of cellulosic 
material. Water Sci Technol. 2004;50:305–11.
 17. Yan BH, Selvam A, Wong JW. Application of rumen microbes to enhance 
food waste hydrolysis in acidogenic leach-bed reactors. Bioresour Tech-
nol. 2014;168:64–71.
 18. Thoetkiattikul H, Mhuantong W, Laothanachareon T, Tangphatsornruang 
S, Pattarajinda V, Eurwilaichitr L, et al. Comparative analysis of microbial 
profiles in cow rumen fed with different dietary fiber by tagged 16S rRNA 
gene pyrosequencing. Curr Microbiol. 2013;67:130–7.
 19. Cobellis G, Trabalza-Marinucci M, Yu Z. Critical evaluation of essential 
oils as rumen modifiers in ruminant nutrition: a review. Sci Total Environ. 
2016;545:556–68.
 20. Paul SS, Dey A, Baro D, Punia BS. Comparative community structure of 
archaea in rumen of buffaloes and cattle. J Sci Food Agr. 2017. https://doi.
org/10.1002/jsfa.8177.
 21. Yue ZB, Li WW, Yu HQ. Application of rumen microorganisms for 
anaerobic bioconversion of lignocellulosic biomass. Bioresour Technol. 
2013;128:738–44.
 22. Kamra D. Rumen microbial ecosystem. Curr Sci. 2005;89:124–35.
 23. Plugge CM. Anoxic media design, preparation, and considerations. Meth-
ods Enzymol. 2005;397:3–16.
 24. Nübel U, Engelen B, Felske A, Snaidr J, Wieshuber A, Amann RI, et al. 
Sequence heterogeneities of genes encoding 16S rRNAs in Paenibacil-
lus polymyxa detected by temperature gradient gel electrophoresis. J 
Bacteriol. 1996;178:5636–43.
 25. Yu Z, García-González R, Schanbacher FL, Morrison M. Evaluations of 
different hypervariable regions of archaeal 16S rRNA genes in profiling 
of methanogens by Archaea-specific PCR and denaturing gradient gel 
electrophoresis. Appl Environ Microbiol. 2008;74:889–93.
 26. Martín R, Heilig G, Zoetendal E, Smidt H, Rodríguez J. Diversity of the 
Lactobacillus group in breast milk and vagina of healthy women and 
potential role in the colonization of the infant gut. J Appl Microbiol. 
2007;103:2638–44.
 27. Sanguinetti CJ, Neto ED, Simpson AJG. Rapid silver staining and recovery 
of PCR products separated on polyacrylamide gels. Biotechniques. 
1994;17:914–21.
 28. Van den Bogert B, De Vos WM, Zoetendal EG, Kleerebezem M. Microarray 
analysis and barcoded pyrosequencing provide consistent microbial pro-
files depending on the source of human intestinal samples. Appl Environ 
Microbiol. 2011;77:2071–80.
Page 15 of 15Palakawong Na Ayudthaya et al. Biotechnol Biofuels  (2018) 11:13 
•  We accept pre-submission inquiries 
•  Our selector tool helps you to find the most relevant journal
•  We provide round the clock customer support 
•  Convenient online submission
•  Thorough peer review
•  Inclusion in PubMed and all major indexing services 
•  Maximum visibility for your research
Submit your manuscript at
www.biomedcentral.com/submit
Submit your next manuscript to BioMed Central 
and we will help you at every step:
 29. Daims H, Brühl A, Amann R, Schleifer K-H, Wagner M. The domain-specific 
probe EUB338 is insufficient for the detection of all bacteria: develop-
ment and evaluation of a more comprehensive probe set. Syst Appl 
Microbiol. 1999;22:434–44.
 30. Hamady M, Lozupone C, Knight R. Fast UniFrac: facilitating high-through-
put phylogenetic analyses of microbial communities including analysis of 
pyrosequencing and PhyloChip data. ISME J. 2010;4:17–27.
 31. Timmers PHA, Suarez-Zuluaga DA, van Rossem M, Diender M, Stams 
AJM, Plugge CM. Anaerobic oxidation of methane associated with sulfate 
reduction in a natural freshwater gas source. ISME J. 2015;10:1400–12.
 32. Caporaso JG, Kuczynski J, Stombaugh J, Bittinger K, Bushman FD, Costello 
EK, et al. QIIME allows analysis of high-throughput community sequenc-
ing data. J Bacteriol. 2010;7:335–6.
 33. Edgar RC. Search and clustering orders of magnitude faster than BLAST. 
Bioinformatics. 2010;26:2460–1.
 34. Caporaso JG, Bittinger K, Bushman FD, DeSantis TZ, Andersen GL, Knight 
R. PyNAST: a flexible tool for aligning sequences to a template alignment. 
Bioinformatics. 2010;26:266–7.
 35. Kopylova E, Noe L, Touzet H. SortMeRNA: fast and accurate filter-
ing of ribosomal RNAs in metatranscriptomic data. Bioinformatics. 
2012;28:3211–7.
 36. Haas BJ, Gevers D, Earl AM, Feldgarden M, Ward DV, Giannoukos G, et al. 
Chimeric 16S rRNA sequence formation and detection in Sanger and 
454-pyrosequenced PCR amplicons. Genome Res. 2011;21:494–504.
 37. Lane DJ. 16S/23S rRNA sequencing. In: Stackebrandt E, Goodfellow M, 
editors. Nucleic acid techniques in bacterial systematics. Chichester: 
Wiley; 1991. p. 115–75.
 38. Šmilauer P, Lepš J. Multivariate analysis of ecological data using CANOCO 
5. Cambridge: Cambridge University Press; 2014.
 39. Van Gelder AH, Aydin R, Alves MM, Stams AJM. 1,3-Propanediol produc-
tion from glycerol by a newly isolated Trichococcus strain. Microb Biotech-
nol. 2012;5:573–8.
 40. Liang S, McDonald AG, Coats ER. Lactic acid production with unde-
fined mixed culture fermentation of potato peel waste. Waste Manag. 
2014;34:2022–7.
 41. Sträuber H, Schröder M, Kleinsteuber S. Metabolic and microbial com-
munity dynamics during the hydrolytic and acidogenic fermentation in a 
leach-bed process. Energy Sustain Soc. 2012;2:13.
 42. Juturu V, Wu JC. Microbial production of lactic acid: the latest develop-
ment. Crit Rev Biotechnol. 2016;36:967–77.
 43. Ray RC, Sharma P, Panda SH. Lactic acid production from cassava 
fibrous residue using Lactobacillus plantarum MTCC 1407. J Environ Biol. 
2009;30:847–52.
 44. Porro D, Brambilla L, Ranzi BM, Martegani E, Alberghina L. Development 
of metabolically engineered Saccharomyces cerevisiae cells for the pro-
duction of lactic acid. Biotechnol Prog. 1995;11:294–8.
 45. Mougiakos I, Bosma EF, de Vos WM, van Kranenburg R, van der Oost J. 
next generation prokaryotic engineering: the CRISPR–Cas toolkit. Trends 
Biotechnol. 2016;34:575–87.
 46. Alakomi HL, Skyttä E, Saarela M, Mattila-Sandholm T, Latva-Kala K, 
Helander IM. Lactic acid permeabilizes Gram-negative bacteria by dis-
rupting the outer membrane. Appl Environ Microbiol. 2000;66:2001–5.
 47. Pitta DW, Kumar S, Vecchiarelli B, Shirley DJ, Bittinger K, Baker LD, et al. 
Temporal dynamics in the ruminal microbiome of dairy cows during the 
transition period. J Anim Sci. 2014;92:4014–22.
 48. Garcia EF, Luciano WA, Xavier DE, da Costa WC, de Sousa Oliveira K, Franco 
OL, et al. Identification of lactic acid bacteria in fruit pulp processing 
byproducts and potential probiotic properties of selected Lactobacillus 
strains. Front Microbiol. 2016;7:1–11.
 49. Sipes B, Wang K-H. Pests, diseases and weeds. In: Lobo MG, Paull RE, 
editors. Handbook of pineapple technology: production, postharvest 
science, processing and nutrition. Chichester: Wiley; 2017. p. 62–88.
 50. Gou M, Zeng J, Wang H, Tang Y, Shigematsu T, Morimura S, et al. Microbial 
community structure and dynamics of starch-fed and glucose-fed 
chemostats during 2 years of continuous operation. Front Env Sci Eng. 
2016;10:368–80.
 51. Liang S, Gliniewicz K, Mendes-Soares H, Settles ML, Forney LJ, Coats ER, 
et al. Comparative analysis of microbial community of novel lactic acid 
fermentation inoculated with different undefined mixed cultures. Biore-
sour Technol. 2015;179:268–74.
 52. Flint HJ, Scott KP, Duncan SH, Louis P, Forano E. Microbial degradation of 
complex carbohydrates in the gut. Gut Microbes. 2012;3:289–306.
 53. Macfarlane GT, Macfarlane S. Factors affecting fermentation reactions in 
the large bowel. Proc Nutr Soc. 1993;52:367–73.
 54. Vital M, Howe AC, Tiedje JM. Revealing the bacterial butyrate synthesis 
pathways by analyzing (meta)genomic data. MBio. 2014;5:e00889–914.
 55. Van den Abbeele P, Belzer C, Goossens M, Kleerebezem M, De Vos WM, 
Thas O, et al. Butyrate-producing Clostridium cluster XIVa species specifi-
cally colonize mucins in an in vitro gut model. ISME J. 2013;7:949.
 56. Flint HJ, Duncan SH, Scott KP, Louis P. Links between diet, gut microbiota 
composition and gut metabolism. Proc Nutr Soc. 2015;74:13–22.
 57. Velikova P, Stoyanov A, Blagoeva G, Popova L, Petrov K, Gotcheva VG, 
et al. Starch utilization routes in lactic acid bacteria: new insight by gene 
expression assay. Starch Stärke. 2016;68:953–60.
 58. Reddy G, Altaf MD, Naveena BJ, Venkateshwar M, Kumar EV. Amylo-
lytic bacterial lactic acid fermentation—a review. Biotechnol Adv. 
2008;26:22–34.
 59. Poyart C, Quesne G, Trieu-Cuot P. Taxonomic dissection of the Strepto-
coccus bovis group by analysis of manganese-dependent superoxide 
dismutase gene (sodA) sequences: reclassification of Streptococcus infan-
tarius subsp. coli as Streptococcus lutetiensis sp. nov. and of Streptococcus 
bovis biotype 11.2 as Streptococcus pasteurianus sp. nov. Int J Syst Evol 
Microbiol. 2002;52:1247–55.
 60. Schlegel L, Grimont F, Ageron E, Grimont PA, Bouvet A. Reappraisal of 
the taxonomy of the Streptococcus bovis/Streptococcus equinus complex 
and related species: description of Streptococcus gallolyticus subsp. 
gallolyticus subsp. nov., S. gallolyticus subsp. macedonicus subsp. nov. and 
S. gallolyticus subsp. pasteurianus subsp. nov. Int J Syst Evol Microbiol. 
2003;53:631–45.
 61. Jiang X, Li B, Su Y, Zhu W. Shifts in bacterial community compositions dur-
ing in vitro fermentation of amylopectin and resistant starch by colonic 
inocula of pigs. Food Nutr Res. 2013;1:156–63.
